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A Study on the Latent Class Analysis in the Stress of School Life for
Fisheries and Maritime High School Students
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Pukyong National University(professor)

Abstract

The purpose of this study is to find the latent classes in the stress degree of fisheries marine high
school students. Subjects are 235 fisheries and maritime high school students. We analyzed data applying
latent class analysis to find out latent groups. The major findings are as the follows. First, we find four
latent classes, and we named them as like these: High Stress Risk Group, External-Economy High Stress
Risk Group, High Friend Stress Risk Group, and Normal Stress Risk Group. There is no significant
difference in grade, but there is a significant difference in gender at the External-Economy High Stress
Risk Group when reference is Normal Stress Risk Group. These findings will be helpful to develop stress
relief program for fisheries marine high school students.
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[Fig. 1] Research Model: Stress Latent Class for
Fisheries Marine High School Students.
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<Table 1> Classifying Latent Class

Latent Class

Index
1 2 3 4 5 6
AIC  893.239 510.371 338.951 222.899 117.756 139.551
BIC  927.835 565.724 415.062 319.768 235.382 277.934
aBIC  896.139 515.011 345.331 231.019 127.616 151.151
LMR
LRT - p=.0278 p<.001 p=.0037 p=.3150 p=2275
BLT - p<.001 p<.001 p<.001 p<.001 p<.001
Entropy - 980 940 982 997 956

[Fig. 2] AIC, BIC, aBIC #= wlgo® 17
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Number of Latent CTH&*®

[Fig. 2] Number of Stress Latent Class for

Fisheries Marine High School Students.
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[Fig. 3] Classified Stress Latent Class Pattern for
Fisheries Marine High School Students.

T 1A FAAS(Class 2)-> 37+ T4 2EY
271 Fe Ao] EAo|t)
AR AEAAIL 3 PR W G A
AR B ol4E el 540 Qb Aw
otk ZglA “Hol(vyA AR mol: W3
A Mo] Class 28 YEFAY A7Ak= o] A
e HA W 9w rEds A%
(External-Economy High Stress Risk Group)’ 2.3

193

AEF A0 CHE

HAS 24 AF

Bstith AA S9AE] 16.8%7F o] AR
of sFE= ACo®E ERRTH

A HA FAAZ(Class 3)> BAAA K-
AEYATE vton FR AEHAL H]
HE Zlo] EAoltt. whd 4, 9B, 8H9)/F]
el glolx] AEHAT}F =& EAo] 9= Aok
olty. IdHAN ZTEAEY HHS Hole Hepd
0] Class 3= YErATE AFA= o] A
= A, gE, AY 1Y AEHA JE
(High Friend Stress Risk Group) o2 g3}t
AA SHA 4.7%7F o] ARG FEE=
2O 7 et

dl WA FAAS(Class 4> F-EaA A <)
AEA, d/HY AEdA, AT BA AEDY
2, YR AEA, T2l AAE AEHA ol
A Addder 25 v Jehe dJlS 2o
T e Aotk o] HAwk el X4 &
A AEY A AAH AEHAVE 7F AHoR
worom 3¢)/9)¢] AEH AT AAo R =9k
th adelA AL ofejdl WAl veRd It
A} do] Class 45 YERATE A2k= o] AA
@S dnt AEdA A h(Normal Stress Risk
Groupy 0. &2 Wttt dAl SHE=2] 70.8%7F
o] FAF el HFH = Ao LEFHT

R Al
L)

—

w

3. TMAS dY 3 shd HHel 2
A Felel ol A3t shde] wet
FEol A=A AFEY] S 2ARYPS A
At AT 753 Hreference group) T H]
Wt FHF3 AF= <Table 2>8} 2t

st

AR, e AR 2k Aol ehde) 7AA
& Asn theat gk WA, A s
Edf A~ I (Normal Stress Risk Group) ol thy]3l
A gA B QR u9¥ AE#A Fok(External-
Economy High Stress Risk Group)’ o % &% &
of lojA 05 FEolA SAXCR FosHA o

o] w=& Ao R e

- 1651 -



5
<Table 2> The Effect of Gender and Grade
C#1 vs C#4 C#2 vs CH#4 C#3 vs CH#4 C#1 vs C#3 C#2 vs C#3 C#2 vs C#l
Variables Coefficient Coefficient Coefficient Coefficient Coefficient Coefficient
(SE) (SE) (SE) (SE) (SE) (SE)
543 -1.012* -018 561 -.994 -1.555F
Gender
(.786) (.402) (.794) (1.081) (.837) (.830)
-.138 .021 -215 077 236 159
Grade
(269) (210) (308) (387) (346) (312)
*p<.05, Tp<.10
C#1: High Stress Risk Group, C#2: External-Economy High Stress Risk Group,
C#3: High Friend Stress Risk Group, C#4: Normal Stress Risk Group
o7, 193 AE#A FckHigh Stress V. Z= 9 =0
Risk Group)’ell tjmlaA <Z] % <& u9¢d
AE# A HthExternal- Economy High Stress Risk B o= gk A nSsE] stmAyg
Groupy 0% &3 FgEof oANE 10 FElN  AEgs Ao o) GAAFS BT, 1
ofghio] £ Zo® Yehth ek B 1 gee sjelste] AT shde] oldk #AAS o
St S FEte] HlEl] AAAR W olmgit o2 & HT WHEOR AEA =
SxLel el AEHAE wWol WE 7ol 3l Astu 9l FAlAZEA(Latent Class Analysis)
oz dNg 5 ok & ggaiol BAe) gt B o7 Adw o
A, SdE FAAS FAF dFE VA g3 2o AR 9 =02 AAE Ak
A Y= Ao e ol Fd el #d AR, el Ay pESA] AEHA A
RS AEE AEdAss DAY N F gAAF R3] e S U ol Ae
AAFo] ek, shde] gglo] SARSIATE  gw W AEga SRS old tlore mAEe
ol A¥s T i vt Pk @ $odo] FAaslt)h Y AU nEIYS
A, Falg v 1estn S AEH o Auyga §8o] w49 AL ow B
29 #E AT SR Ul 7 #3@S 58 5 ok 7120 AT E nESE
P AEAS A A B R A9 AEHA segae #S AT AES AT S(Park,
A, 29, AR, SA/AY ng AEAS A 2009; Park & Park, 2018; Seo, 2018; Cho, 2020)°]
o, gk AEGA Jehor 7 £ gIglnh ATk AR ATl QlojA AEA 1%
A, FellgF AL neAE AEUAAY syt gk ) wol BEEgy 3], 4
FAAT e el mEh A7k 9= Ao gk Ay nESNES gow SIS Ax
2 YERth 53], Ak AEHA b tji] Aegas AgAZor $83tele] ARE A
M AA 2 R 1YY AEIA JAWOoR o rgor AF PSIASS oldsly A Eake
S3 85 glold 8 Holrk i A ey Zes AT Ape = Aow AZH
et 53], el #d neEe] At AEH
AR, Fald AL A duld A~ A= ZAAEe 198 AE#A AtHHigh
Edad FAAT s shdel W2 A°I7F Spess Risk Group), “AA X R 19¥ AEd

pehhA) skgkel.

2 | %H(External-Economy High Stress Risk Group)’,
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